a2 United States Patent

Biswas et al.

US009374506B2

US 9,374,506 B2
Jun. 21, 2016

(10) Patent No.:
(45) Date of Patent:

(54)

(71)

(72)

(73)

")

@

(22)

(65)

(1)

(52)

(58)

METHOD AND APPARATUS OF REDUCING
RANDOM NOISE IN DIGITAL VIDEO
STREAMS

Applicant: Qualcomm Incorporated, San Diego,
CA (US)
Inventors: Mainak Biswas, Karnataka (IN);
Vasudev Bhaskaran, San Diego, CA
(US); Sujith Srinivasan, Karnataka
(IN); Shilpi Sahu, Karnataka (IN)
Assignee: QUALCOMM INCORPORATED, San
Diego, CA (US)
Notice: Subject to any disclaimer, the term of this
patent is extended or adjusted under 35
U.S.C. 154(b) by 551 days.

Appl. No.: 13/734,595

Filed: Jan. 4, 2013

Prior Publication Data
US 2014/0192267 Al Jul. 10, 2014
Int. CI.
HO04N 5/14 (2006.01)
GO6T 5/00 (2006.01)
GO6T 5/20 (2006.01)
GO6T 5/50 (2006.01)
GO6T 7/20 (2006.01)
U.S. CL
CPC ..o HO4N 5/144 (2013.01); GO6T 5/002

(2013.01); GO6T 5/20 (2013.01); GO6T 5/50
(2013.01); GO6T 7/2053 (2013.01); GO6T
2207/10016 (2013.01); GO6T 2207/10024

(2013.01); GO6T 2207/20012 (2013.01); GO6T
2207/20182 (2013.01); GO6T 2207/20192
(2013.01); GO6T 2207/20221 (2013.01); GO6T
2207/20224 (2013.01)
Field of Classification Search
CPC e GO6T 5/002
See application file for complete search history.

(56) References Cited

U.S. PATENT DOCUMENTS

8,149,336 B2 4/2012 Mohanty et al.
8,279,345 B2  10/2012 Rossignol et al.
2003/0097069 Al* 5/2003 Avinash ................. GO6T 5/002
600/447
2005/0280739 Al  12/2005 Linetal.
2006/0093236 Al* 5/2006 Drezner ................. GO6T 5/002
382/272
(Continued)
OTHER PUBLICATIONS

Corner, B.R., et al., “Noise Reduction in Remote Sensing Imagery
Using Data Masking and Principal Component Analysis”, Proceed-
ings of SPIE, SPIE—International Society for Optical Engineering,
US, vol. 4115, Jul. 31, 2000, pp. 1-11, XP008007663, ISSN: 0277-
786X, DOI: 10.1117/12.411533 Section 1.2.

(Continued)

Primary Examiner — Dave Czekaj

Assistant Examiner — Berteau Joisil

(74) Attorney, Agent, or Firm — Knobbe Martens Olson &
Bear LLP

(57) ABSTRACT

Method and apparatus for reducing random noise in digital
video streams are described. In one innovative aspect, the
device includes a noise estimator. The device also includes a
motion detector configured to determine a motion value
indicative of motion between two frames of the video stream,
the motion value based at least in part on the noise value. The
device further includes a spatial noise reducer configured to
filter the image data based at least in part on a blending factor
and the noise value. The device also includes a temporal noise
reducer configured to filter the video data based on the motion
value and the noise value. The device also includes a blender
configured to blend the spatial and temporal filtered values to
provide a weighted composite filtered output image.
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1
METHOD AND APPARATUS OF REDUCING
RANDOM NOISE IN DIGITAL VIDEO
STREAMS

BACKGROUND

1. Field

The present invention relates to reduction of noise in digital
video streams, more specifically to reducing random noise in
digital video streams.

2. Background

Digital video content that is generated, transmitted, and
viewed may be affected by noise. Two types of noise are
random noise and compression noise. Random noise (which
may also be referred to as video noise or Gaussian noise) may
be produced by the sensor (e.g., camera) or by transmission of
the video over analog channels. Compression noise may arise
when digital video is compressed as part of storage or trans-
mission.

Both random and compression noise may be distracting to
the viewer and affect the experience of watching video con-
tent—especially on larger displays. Creating a viable, noise-
free video eco-system, directly from the sensor to the display,
is difficult and in some implementations not possible. Fur-
thermore, the scale and speed at which the images are needed
to provide video quality presentation involves processing
many pixels in a short period of time. For example, modern
televisions may feature 1920x1080 pixels (e.g., over 2 mil-
lion pixels). As cameras and display technologies gain
sophistication and consumers demand higher fidelity, the
number of pixels may also increase.

Therefore, there is a need to provide methods and appara-
tus for reducing random noise that may be included in digital
video streams.

SUMMARY

The systems, methods, and devices of the invention each
have several aspects, no single one of which is solely respon-
sible for its desirable attributes. Without limiting the scope of
this invention as expressed by the claims which follow, some
features will now be discussed briefly. After considering this
discussion, and particularly after reading the section entitled
“Detailed Description” one will understand how the features
of'this invention provide advantages that include spatial noise
reduction based on features of the video data. Another non-
limiting advantage is the method of estimating noise in the
video data which, in part, is based on features of the video
data and does not depend on fixed thresholds. A further non-
limiting advantage of the disclosed systems and methods
includes noise reduction using circuits having calibrated lev-
els of precision to enhance the temporal noise reduction. Yet
another non-limiting advantage ofthe disclosure relates to the
motion detection which may be configured to combine a sum
of the absolute differences and a maximum difference to
provide an accurate motion detection. A further non-limiting
advantage is the use of a blending circuit to combine the
spatial and temporal noise reduced images based at least in
part on the motion estimation.

In one innovative aspect, a device for reducing noise of a
video stream is provided. The device includes a noise estima-
tor configured to determine a noise value indicative of noise
for a frame of the video stream. The device also includes a
motion detector configured to determine a motion value
indicative of motion between two frames of the video stream,
the motion value based at least in part on the noise value. The
device further includes a spatial noise reducer configured to
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identify at least one pixel value in the frame as an edge and
modify the pixel value based at least in part on a blending
factor and the noise value. The device also includes a tempo-
ral noise reducer configured to modify at least one pixel value
in the frame based at least in part on a value for a pixel in a
prior frame and the noise value. The device also includes a
blender configured to generate a composite pixel value based
at least in part on the spatially modified pixel value, the
temporally modified pixel value, and the motion value.

In a further innovative aspect, a method for reducing noise
of'a video stream is provided. The method includes determin-
ing a noise value indicative of noise for a frame of the video
stream. The method includes determining a motion value
indicative of motion between two frames of the video stream,
the motion value based at least in part on the noise value. The
method also includes identifying at least one pixel value inthe
frame as an edge and modifying the pixel value based at least
in part on a blending factor and the noise value. The method
further includes modifying at least one pixel value in the
frame based at least in part on a value for a pixel in a prior
frame and the noise value. The method also includes gener-
ating a composite pixel value based at least in part on the
spatially modified pixel value, the temporally modified pixel
value, and the motion value.

Another device for reducing noise of a video stream is also
provided. The device includes means for determining a noise
value indicative of noise for a frame of the video stream. The
device includes means for determining a motion value indica-
tive of motion between two frames of the video stream, the
motion value based at least in part on the noise value. The
device further includes means for identifying at least one
pixel value in the frame as an edge and for modifying the
identified pixel value based at least in part on a blending factor
and the noise value. The device also includes means for modi-
fying at least one pixel value in the frame based at least in part
on a value for a pixel in a prior frame and the noise value. The
device further includes means for generating a composite
pixel value based at least in part on the spatially modified
pixel value, the temporally modified pixel value, and the
motion value.

A computer-readable storage medium comprising instruc-
tions executable by a processor of an apparatus for reducing
noise in a video stream is provided in yet another innovative
aspect. The instructions cause the apparatus to determine a
noise value indicative of noise for a frame of the video stream.
The instructions further cause the apparatus to determine a
motion value indicative of motion between two frames of the
video stream, the motion value based at least in part on the
noise value. The instructions cause the apparatus to identify at
least one pixel value in the frame as an edge and modify the
identified pixel value based at least in part on a blending factor
and the noise value. The instructions cause the apparatus to
modify at least one pixel value in the frame based at least in
part on a value for a pixel in a prior frame and the noise value.
The instructions also cause the apparatus to generate a com-
posite pixel value based at least in part on the spatially modi-
fied pixel value, the temporally modified pixel value, and the
motion value.

Another device for reducing noise of a video stream is also
provided. The device includes a processor. The processor is
configured to determine a noise value indicative of noise for
a frame of the video stream. The processor is configured to
determine a motion value indicative of motion between two
frames of the video stream, the motion value based at least in
partonthe noise value. The processor is configured to identify
at least one pixel value in the frame as an edge and modify the
identified pixel value based at least in part on a blending factor
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and the noise value. The processor is configured to modify at
least one pixel value in the frame based at least in part on a
value for a pixel in a prior frame and the noise value. The
processor is configured to generate a composite pixel value
based at least in part on the spatially modified pixel value, the
temporally modified pixel value, and the motion value.

These and other implementations consistent with the
invention are further described below with reference to the
following figures.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 illustrates a functional block diagram of an exem-
plary video encoding and decoding system.

FIG. 2 illustrates a functional block diagram of an exem-
plary random noise reducer.

FIG. 3 illustrates a pixel diagram of an exemplary filter
kernel.

FIG. 4 illustrates a pixel diagram of another exemplary
filter kernel.

FIG. 5 illustrates a plot of experimental data showing word
lengths over quantization amounts for several different levels
of 8-bit arithmetic precision inputs.

FIG. 6 illustrates a plot of experimental data showing word
lengths over quantization amounts for several different levels
of 10-bit arithmetic precision inputs.

FIG. 7 illustrates a functional block diagram of an exem-
plary motion detector.

FIG. 8 illustrates a functional block diagram of an exem-
plary noise estimator.

FIG. 9 illustrates a functional block diagram of an exem-
plary feature adaptive random noise reducer.

FIG. 10 illustrates a process flow diagram for reducing
noise of a video stream.

FIG. 11 illustrates a functional block diagram for another
exemplary random noise reducer.

In the figures, to the extent possible, elements having the
same or similar functions have the same designations.

DETAILED DESCRIPTION

In the following description, specific details are given to
provide a thorough understanding of the examples. However,
it will be understood by one of ordinary skill in the art that the
examples may be practiced without these specific details. For
example, electrical components/devices may be shown in
block diagrams in order not to obscure the examples in unnec-
essary detail. In other instances, such components, other
structures and techniques may be shown in detail to further
explain the examples.

It is also noted that the examples may be described as a
process, which is depicted as a flowchart, a flow diagram, a
finite state diagram, a structure diagram, or a block diagram.
Although a flowchart may describe the operations as a
sequential process, many of the operations can be performed
in parallel, or concurrently, and the process can be repeated.
In addition, the order of the operations may be re-arranged. A
process is terminated when its operations are completed. A
process may correspond to a method, a function, a procedure,
a subroutine, a subprogram, etc. When a process corresponds
to a software function, its termination corresponds to a return
of the function to the calling function or the main function.

Those of skill in the art will understand that information
and signals may be represented using any of a variety of
different technologies and techniques. For example, data,
instructions, commands, information, signals, bits, symbols,
and chips that may be referenced throughout the above
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4

description may be represented by voltages, currents, elec-
tromagnetic waves, magnetic fields or particles, optical fields
or particles, or any combination thereof.

Various aspects of embodiments within the scope of the
appended claims are described below. It should be apparent
that the aspects described herein may be embodied in a wide
variety of forms and that any specific structure and/or func-
tion described herein is merely illustrative. Based on the
present disclosure one skilled in the art should appreciate that
an aspect described herein may be implemented indepen-
dently of any other aspects and that two or more of these
aspects may be combined in various ways. For example, an
apparatus may be implemented and/or a method may be prac-
ticed using any number of the aspects set forth herein. In
addition, such an apparatus may be implemented and/or such
a method may be practiced using other structure and/or func-
tionality in addition to or other than one or more of the aspects
set forth herein.

FIG. 1 illustrates a functional block diagram of an exem-
plary video encoding and decoding system. As shown in FI1G.
1, system 10 includes a source device 12 that may be config-
ured to transmit encoded video to a destination device 16 via
a communication channel 15. Source device 12 and destina-
tion device 16 may comprise any of a wide range of devices,
including mobile devices or generally fixed devices. In some
cases, source device 12 and destination device 16 comprise
wireless communication devices, such as wireless handsets,
so-called cellular or satellite radiotelephones, personal digital
assistants (PDAs), mobile media players, or any devices that
can communicate video information over a communication
channel 15, which may or may not be wireless. However, the
processes of this disclosure, which generally concern the
detection and correction of random noise in digital video
streams, may be used in many different systems and settings.
FIG. 1 is merely one example of such a system.

In the example of FIG. 1, source device 12 may include a
video source 20, video encoder 22, a modulator/demodulator
(modem) 23 and a transmitter 24. Destination device 16 may
include a receiver 26, a modem 27, a video decoder 28, and a
display device 30. In accordance with this disclosure, video
encoder 22 of source device 12 may be configured to encode
a sequence of frames of a reference image. The video encoder
22 may be configured to encode additional information asso-
ciated with the images such as 3D conversion information
including a set of parameters that can be applied to each of the
video frames of the reference sequence to generate 3D video
data. Modem 23 and transmitter 24 may modulate and trans-
mit wireless signals to destination device 16. In this way,
source device 12 communicates the encoded reference
sequence along with any additional associated information to
destination device 16.

Receiver 26 and modem 27 receive and demodulate wire-
less signals received from source device 12. Accordingly,
video decoder 28 may receive the sequence of frames of the
reference image. The video decoder 28 may also receive the
additional information which can be used for decoding the
reference sequence.

Source device 12 and destination device 16 are merely
examples of such coding devices in which source device 12
generates coded video data for transmission to destination
device 16. In some cases, devices 12, 16 may operate in a
substantially symmetrical manner such that, each of devices
12, 16 includes video encoding and decoding components.
Hence, system 10 may support one-way or two-way video
transmission between video devices 12, 16, e.g., for video
streaming, video playback, video broadcasting, or video tele-
phony.
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Video source 20 of source device 12 may include a video
capture device, such as a video camera, a video archive con-
taining previously captured video, or a video feed from a
video content provider. As a further alternative, video source
20 may generate computer graphics-based data as the source
video, or a combination of live video, archived video, and
computer-generated video. In some cases, if video source 20
is a video camera, source device 12 and destination device 16
may form so-called camera phones or video phones. In each
case, the captured, pre-captured or computer-generated video
may be encoded by video encoder 22. As part of the encoding
process, the video encoder 22 may be configured to imple-
ment one or more of the methods described herein, such as
random noise detection and/or correction for digital video
streams. The encoded video information may then be modu-
lated by modem 23 according to a communication standard,
e.g., such as code division multiple access (CDMA) or
another communication standard, and transmitted to destina-
tion device 16 via transmitter 24. Modem 23 may include
various mixers, filters, amplifiers or other components
designed for signal modulation. Transmitter 24 may include
circuits designed for transmitting data, including amplifiers,
filters, and one or more antennas.

Receiver 26 of destination device 16 may be configured to
receive information over channel 15. Modem 27 may be
configured to demodulate the information. Again, the video
encoding process may implement one or more of the tech-
niques described herein such as random noise detection and/
or correction for digital video streams. The information com-
municated over channel 15 may include information defined
by video encoder 22, which may be used by video decoder 28
consistent with this disclosure. Display device 30 displays the
decoded video data to a user, and may comprise any of a
variety of display devices such as a cathode ray tube, a liquid
crystal display (LCD), a plasma display, an organic light
emitting diode (OLED) display, or another type of display
device.

In the example of FIG. 1, communication channel 15 may
comprise any wireless or wired communication medium,
such as a radio frequency (RF) spectrum or one or more
physical transmission lines, or any combination of wireless
and wired media. Accordingly, modem 23 and transmitter 24
may support many possible wireless protocols, wired proto-
cols or wired and wireless protocols. Communication chan-
nel 15 may form part of a packet-based network, such as a
local area network (LAN), a wide-area network (WAN), or a
global network, such as the Internet, comprising an intercon-
nection of one or more networks. Communication channel 15
generally represents any suitable communication medium, or
collection of different communication media, for transmit-
ting video data from source device 12 to destination device
16. Communication channel 15 may include routers,
switches, base stations, or any other equipment that may be
useful to facilitate communication from source device 12 to
destination device 16. The techniques of this disclosure do not
necessarily require communication of encoded data from one
device to another, and may apply to encoding scenarios with-
out the reciprocal decoding. Also, aspects of this disclosure
may apply to decoding scenarios without the reciprocal
encoding.

Video encoder 22 and video decoder 28 may operate con-
sistent with a video compression standard, such as the [TU-T
H.264 standard, alternatively described as MPEG-4, Part 10,
and Advanced Video Coding (AVC). The techniques of this
disclosure, however, are not limited to any particular coding
standard or extensions thereof. Although not shown in FIG. 1,
in some aspects, video encoder 22 and video decoder 28 may
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each be integrated with an audio encoder and decoder, and
may include appropriate MUX-DEMUX units, or other hard-
ware and software, to handle encoding of both audio and
video in a common data stream or separate data streams. If
applicable, MUX-DEMUX units may conform to a multi-
plexer protocol (e.g., ITU H.223) or other protocols such as
the user datagram protocol (UDP).

Video encoder 22 and video decoder 28 each may be imple-
mented as one or more microprocessors, digital signal pro-
cessors (DSPs), application specific integrated circuits
(ASICs), field programmable gate arrays (FPGAs), discrete
logic circuitry, software executing on a microprocessor or
other platform, hardware, firmware or any combinations
thereof. Each of video encoder 22 and video decoder 28 may
be included in one or more encoders or decoders, either of
which may be integrated as part of a combined encoder/
decoder (CODEC) in a respective mobile device, subscriber
device, broadcast device, server, or the like.

A video sequence typically includes a series of video
frames. Video encoder 22 and video decoder 28 may operate
on video blocks within individual video frames in order to
encode and decode the video data. The video blocks may have
fixed or varying sizes, and may differ in size according to a
specified coding standard. Each video frame may include a
series of slices or other independently decodable units. Each
slice may include a series of macroblocks, which may be
arranged into sub-blocks. As an example, the ITU-T H.264
standard supports intra prediction in various block sizes, such
as 16 by 16, 8 by 8, or 4 by 4 for luma components, and 8 by
8 for chroma components, as well as inter prediction in vari-
ous block sizes, such as 16 by 16, 16 by 8,8 by 16, 8 by 8, 8
by 4, 4 by 8 and 4 by 4 for luma components and correspond-
ing scaled sizes for chroma components. Video blocks may
comprise blocks of pixel data, or blocks of transformation
coefficients, e.g., following a transformation process such as
discrete cosine transform or a conceptually similar transfor-
mation process.

Macroblocks or other video blocks may be grouped into
decodable units such as slices, frames or other independent
units. Each slice may be an independently decodable unit of a
video frame. Alternatively, frames themselves may be decod-
able units, or other portions of a frame may be defined as
decodable units. In this disclosure, the term “coded unit”
refers to any independently decodable unit of a video frame
such as an entire frame, a slice of a frame, a group of pictures
(GOPs), or another independently decodable unit defined
according to the coding techniques used.

Video encoder 22 and/or video decoder 28 of system 10 of
FIG. 1 may be configured to employ techniques for random
noise reduction as described in this disclosure. In particular,
video encoder 22 and/or video decoder 28 may include a
noise reducer that applies at least some of such techniques to
reduce random noise which may be included in the video.

FIG. 2 is a block diagram illustrating an example of a
functional block diagram of a random noise reducer. The
random noise reducer 200 may be included in the source
device 12. For example, in some implementations, it may be
desirable to reduce random noise introduced by the video
source 20 (e.g., camera). In such implementations, the ran-
dom noise reducer 200 may obtain the output of the video
source 20 and provide a noise reduced video stream to the
video encoder 22. In some implementations, the random
noise reducer 200 may be included in the video source 22 or
video encoder.

In some implementations, the random noise reducer 200
may be included in the destination device 16. For example, in
some implementations, it may be desirable to reduce random
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noise introduced by the source device 12 or transmission. In
such implementations, the random noise reducer 200 may be
included in the video decoder 28. In some implementations,
the random noise reducer 200 may be included as a post-
decoding module. In such implementations, the random noise
reducer 200 may be configured to receive the decoded video
from the video decoder 28 and reduce random noise included
in the decoded video prior to display.

The random noise reducer 200 receives input video data
202. The input video data 202 may be a frame of video data.
For ease of discussion, the input video data 202 will include
a frame of video data. However, it will be understood that the
systems and methods described may be adapted for input
video data 202 such as macroframes, superframes, groups of
pictures, or other portions of the video data. As discussed
above, the input video data 202 may be an image included in
a stream of video data. The input may be the actual video data
or a value indicating the location of the video data. If input
video data 202 is location information, the random noise
reducer 200 may include a circuit configured to retrieve the
pixel information for the identified input video data 202.

The input video data 202 may include luminance data for
the pixels included therein. The input video data 202 may
include chrominance data for the pixels included therein. In
some implementations, the input video data 202 may be rep-
resented using 8 bits. In some implementations, the input
video data 202 may be represented using 10 bits. The random
noise reducer 200 may be configured to increase the number
of bits used for the various operations to achieve enhanced
noise reduction by, for example, increasing the precision
during the filtering as will be described below.

The input video data 202 may be provided to a spatial noise
reducer 204. As shown, the spatial noise reducer 204 also
receives a noise estimation value from a noise estimator 800.
Based at least in part on these inputs, the spatial noise reducer
204 may be configured to filter the input video data 202 to
generate a reduced noise version of the input video data 202.

In some implementations, the spatial noise reducer 204
may be configured to perform edge adaptive spatial noise
reduction filtering based on a filter kernel having a fixed size.
A filter kernel generally refers to group of pixels that will be
considered for a given filtering operation for a pixel of inter-
est. In some implementations, a filter kernel may be referred
to as a filter window.

FIG. 3 illustrates a pixel diagram of an exemplary filter
kernel. As shown, the filter kernel 302 includes seven col-
umns (e.g., 306B-306H) of pixels over three rows (e.g.,
304A-304C). Other filter kernel sizes (e.g., 3x7, 5x2, 11x4)
may be used without departing from the scope of the present
disclosure. The filter kernel size may be a pre-determined
configuration selected based on the implementation of the
random noise reducer 200. The filter kernel size may be
dynamically determined based on, for example, the input
video data 202, the video stream, the device in which the
random noise reducer 200 is included, and the like. As shown
in FIG. 3, the pixel of interest is the pixel located at row 304B
and column 306E. It should be noted that the pixel kernel 302
does not include the pixels located in columns 306 A or 3061.
In the implementations shown, the pixels outside the filter
kernel 302 may be considered too remote so as to factor into
the filtering of the pixel of interest, that is the pixel located at
row 304B and column 306E.

Returning to FIG. 2, the spatial noise reducer 204 may be
implemented as a low pass filter to reduce the noise. The
filtering may be considered “edge adaptive” because the fil-
tering is based on a strength of differences between the pixel
of interest and the pixels within the filter kernel. This strength
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difference, in some implementations, may be referred to as
edge detection. Each input video data 202 may include dif-
ferent pixel values which will be adaptively filtered based on
the included pixels rather than based on a fixed filter value.
Accordingly, the spatial noise reducer 204 may dynamically
adjust the filtering based at least in part on the input video data
202.

Equation (1) is an example of an edge adaptive filtering that
may be implemented by the spatial noise reducer 204. Equa-
tion (1) may used to filter the pixel of interest p(x0,y0) to
generate a new, filtered pixel value p'(x0,y0). The pixel value
filtered may be luminance value and/or chrominance value
for the pixel of interest.

x0+m  y0+n

Ap(x0, y0) + Z Z plk, Dx 8k, 1)

k=x0—m I=y0—n

®

P’ (x0, y0) =

A+y
where

x0+m  yOin

y= Z Z Sth, D)

k=x0—m I=y0—n

1 if [p@0, y0) - plk, D] < &

0 otherwise

Sk, D) :{

k € [x0 —m, x0 + m]

e [y0—n, y0 +m]

and where

m is the width of the pixel kernel,

n is the height of the pixel kernel,

A is a blending factor and

€ is a filter threshold.

As discussed above, the height and width of the pixel
kernel may be pre-determined or adaptively determined. The
blending factor is a value that determines a magnitude for the
potential filtered pixel value. The blending factor may be
pre-determined (e.g., stored in memory) or adaptively deter-
mined based on one or more of the video, the type of video
(e.g., sports, movie), the target display, or the like. In some
implementations, the blending factor may be a value between
8 and 16. In some implementations, the blending factor may
be 3, 26, or 40. The filter threshold is a value indicating the
magnitude of difference between the pixel of interest and a
pixel in the pixel kernel which will cause the value of the pixel
in the kernel to be included in the filtered pixel value. In some
implementations, the filter threshold may be user specified. In
some implementations, the filter threshold may be deter-
mined based on a specified gain and standard deviation of
noise.

In some implementations, the spatial noise reducer 204
may be configured to perform feature adaptive spatial noise
reduction. In such implementations, the spatial noise reducer
204 may adjust the filter kernel shape based on the pixels
around the pixel of interest. This allows the spatial noise
reducer 204 to filter pixels that lie spatially adjacent to an
image feature in addition to considering the pixel values as
described in the edge adaptive implementation above. This
may be desirable for filtering input video data 202 which may
include weak edges. In such implementations, filtering on
luminance may filter the edge out of the final image.

FIG. 4 illustrates a pixel diagram of another exemplary
filter kernel. The filter kernel 410 may be determined for a
pixel of interest 402 based on a feature of the image. In FIG.
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4, an image edge 408 is shown. For example, the image edge
408 may correspond to the edge a building against the sky. In
other example, the pixels not included in the filter kernel 410
may have similar luminance values as those within the kernel.

One implementation of the feature adaptive spatial noise
reducer 204 operates over each pixel in the input video data
202. The spatial noise reducer identifies an initial local win-
dow around the pixel of interest 402. The initial local window
may be, for example, a 5x5 pixel window. The shape of the
features inside the local window, such as the edge 408 or just
image texture, may then be identified. One method of identi-
fying the shapes is through a covariance matrix. For example,
an estimate of a 2x2 covariance matrix may be identified.
Equation (2) describes an example estimation of the covari-
ance matrix C.

@

xdiff  xydiff
(Xydiff ydiff]

where
xdiff is an average of all squared horizontal differences
between adjacent pixels in the local window,
ydiff is an average of all squared vertical differences
between adjacent pixels in the local window, and
xydiff is an average of all product differences (horizon-
talxvertical) between adjacent pixels in the window.
The spatial noise reducer 204 may use the covariance
matrix to generate filter coefficients for spatial noise reduc-
tion filtering. Equation (3) shows an example filter coefficient
calculation which may be implemented by the spatial noise
reducer 204.

©)

£g)

by = e

where
h,, is the filter coefficient at each location,
C is the covariance matrix determined in Equation (2),
d is a distance vector given by Equation (4) below, and
a is a filter strength factor.

g (dx;j]
dy;j

where
dx,; is the horizontal distance of h;; from the center of the
local window, and
dy,; is the vertical distance of h;; from the center of the
local window.

The filter strength factor is a parameter that affects the
strength of the filter. The filter strength factor may be pre-
determined (e.g., stored in memory) or adaptively determined
based on one or more of the video, the type of video (e.g.,
sports, movie), the target display, the noise estimation, or the
like.

The spatial noise reducer 204 may generate an 8-bit output
which includes pixel values for a spatially noise reduced
version of the input video data 202. As shown in FIG. 2, the
result is provided to a spatio-temporal blender 208 which will
be described in further detail below.

Two types of spatial noise reduction have been described,
namely edge adaptive and feature adaptive spatial noise
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reduction. The spatial noise reducer 204 may be configured to
receive a configuration value to identify which mode of noise
reduction to implement. Edge adaptive may utilize fewer
processing resources such as processing time, battery, and
bandwidth than feature adaptive spatial noise reduction. Con-
sider an implementation where the spatial noise reducer 204
is included in a mobile phone. The mobile phone may be
configured to use edge adaptive spatial noise reduction when
the battery level associated with the mobile phone is below a
certain threshold to preserve the life of the battery. Once
coupled with a power source, the mobile phone may be con-
figured to adjust the spatial noise reducer to use feature adap-
tive spatial noise reduction in view of the revised power
characteristics of the device.

Returning to FIG. 2, the input video data 202 may also be
provided to a temporal noise reducer 210. The temporal noise
reducer 210 may be configured to also obtain a noise estima-
tion from a noise estimator 800. The temporal noise reducer
210 may also obtain video data associated with a previous
portion of the video stream from a data buffer 216. For
example, in an implementation where the input video data
202 is a frame of video data, the data buffer 216 may be a
frame buffer. It should be noted that the previous portion
received by the temporal noise reducer 210 is a portion that
has already been filtered by the random noise reducer 200. As
will be discussed in further detail below, the previously fil-
tered portion may be represented using eleven bits, eight of
which represent an integer value, three of which represent a
fractional value. Similarly, the noise estimate may be repre-
sented using seven bits, five of which represent an integer
value, two of which represent a fractional value. It should be
further noted that the implementation shown in FIG. 2
includes one frame buffer. This frame buffer is used to access
a previous portion of the video data. Such implementations
offer reduced hardware requirements to perform the noise
reduction by maintaining one previous portion. This reduc-
tion further provides power and processing savings to the
electronic device as fewer resources need be expended to
maintain and retrieve multiple previous portions. In some
implementations, the frame buffer may be implemented using
off-chip DRAM.

The temporal noise reducer 210 may be configured filter a
given pixel value based on luminance and chrominance val-
ues of the pixel in a current portion (e.g., frame) and a previ-
ous portion (e.g., frame). Equation (5) is one expression of the
relationship that may be implemented in a temporal noise
reducer 210 to generate a temporally filtered pixel valueY,.

Yilijm)=X(.jm)(1-p)+ Yijn-1)p
where

Y (i, j, n) is the temporally filtered pixel value at a loca-
tion (i, j) included in the current portion (n) of video
data,

X(i, ], n) is the chrominance value of a pixel at a location
(1, j) included in the current portion (n) of video data,

[ is the noise estimate, and

Y (i, j, n-1) is the luminance value of a pixel at the
location (i, j) included in the previous portion (n—1) of
the input video data.

The resulting temporally noise reduced pixel value may be
provided to the spatio-temporal blender 208. The precision of
the temporally noise reduced pixel value is dependent upon
the inputs to the temporal noise reducer 210. Generally, the
precision of output of the temporal noise reducer 210 may be
of'the same precision as the most precise input. For instance,
in the above example, the previous portion of video data
obtained from the data buffer 216 may be represented using

®
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eleven bits, three of which represent fractional component of
the pixel value. Accordingly, the output of the temporal noise
reducer 210 may be of the same precision as the most precise
input. In the example above, the output may be represented
using eight bits to identify the integer portion of the pixel
value and three bits to identify the fractional portion. Using
the higher precision for temporal filtering may reduce post-
noise reduction errors such as quantization errors caused by
infinite impulse response filtering. The higher precision may
also reduce the presence of visual artifacts in the output video
such as one artifact referred to as color cast. Color cast gen-
erally refers to a perceived pink or green tinge in the output
video.

FIG. 5 illustrates a plot of experimental data showing word
lengths over quantization amounts for several different levels
of 8-bit arithmetic precision inputs. The simulation data
shown in FIG. 5 illustrates the effect of quantization in the
infinite impulse response filtering for video data. The y-axis
shows the word length choices from 98 to 105. The x-axis
shows quantization percentage from 0 to 100. The beta for the
simulation shown in FIG. 5 is 0.9375. The standard deviation
for the simulation shown in FIG. 5 is 6.

Plot 502 shows effect for an eight bit representation
wherein all eight bits are used to represent an integer value.
Plot 504 shows a plot for a nine bit representation wherein
eight bits identify an integer value and one bit represents a
fraction value. Plot 506 shows a plot for a ten bit representa-
tion wherein eight bits identify an integer value and two bits
represent a fraction value. Plot 508 shows a plot for an eleven
bit representation wherein eight bits identify an integer value
and three bits represent a fraction value. Plot 510 shows a plot
for a twelve bit representation wherein eight bits identify an
integer value and four bits represent a fraction value.

For a given quantization amount, the word length that may
be needed to represent the video data is reduced when using a
fractional representation for the video data as compared to the
representation shown in plot 502 which does not include a
fractional portion. Amongst the fractional representations
plotted in FIG. 5 (e.g., 504, 506, 508, and 510), the plot 506
representing a three bit fractional value closely tracks the plot
508 representing a four bit fractional value. Thus, in some
implementations, the three bit fractional representation may
provide adequate precision for the output video data.

FIG. 6 illustrates a plot of experimental data showing word
lengths over quantization amounts for several different levels
of 10-bit arithmetic precision inputs. The simulation of FIG.
6 is similar to the simulation of FIG. 5§ with the main differ-
ence being the use of a ten bit integer portion with varying
fractional representations. The beta for the simulation shown
in FIG. 6 15 0.9375. The standard deviation for the simulation
shown in FIG. 6 is 6.

Plot 602 shows effect for a ten bit representation wherein
all ten bits are used to represent an integer value. Plot 604
shows a plot for an eleven bit representation wherein ten bits
identify an integer value and one bit represents a fraction
value. Plot 606 shows a plot for a twelve bit representation
wherein ten bits identify an integer value and two bits repre-
sent a fraction value. Plot 608 shows a plot for a thirteen bit
representation wherein ten bits identify an integer value and
three bits represent a fraction value. Plot 610 shows a plot for
a fourteen bit representation wherein ten bits identify an
integer value and four bits represent a fraction value. Similar
results as discussed in the eight bit example of FIG. 5 can be
seen in the ten bit example of FIG. 6.

Returning to FIG. 2, the temporal noise reducer 210 may
generally be implemented as an in-line operation. Accord-
ingly, the data buffer 216 may include information for the
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previous portion. This is the minimal storage requirement to
support the temporal noise reducer 210 described herein. The
noise reduction value generated based on the input video data
202 may be used by the temporal noise reducer 210 to filter a
given pixel. The generated value may be a recursion value
indicating the level of recursion for temporal noise reduction.

As shown in FIG. 2, the random noise reducer 200 also
includes a motion detector 700. The motion detector 700 may
be configured to obtain the input video data 202. The motion
detector 700 may be configured to also obtain a previously
processed portion of video data from the data buffer 216. By
comparing the previous portion with the corresponding por-
tion represented in the current input video data 202, a motion
estimate may be generated. The motion detector 700 may also
be configured to generate the motion estimate based on a
noise estimate provided by the noise estimator 800.

FIG. 7 illustrates a functional block diagram of an exem-
plary motion detector. The motion detector 700 receives three
inputs, the input video data 202, a previous video data 702
provided by the data buffer 216, and a noise estimate 703
generated by the noise estimator 800.

The motion detector 700 may include a pixel extractor 704.
The pixel extractor 704 may be configured to extract value for
a pixel location in the input video data 202 and the previous
video data 702. The pixel extractor 704 may provide the
extracted pixel values to an adder 706 configured to deter-
mine the difference between the pixel value in the input video
data 202 and the previous video data 702. The difference may
be provided to an absolute value circuit 708 configured to
determine the absolute value of the difference. The absolute
value circuit 708 may be configured to provide the generated
value to an adder 710 and to a comparator 718. The compara-
tor 718 will be described in further detail below. The adder
710 may be configured to accumulate the absolute value of
the differences for each pixel of the input video data 202.
Accordingly, the extraction, difference, and absolute value
determination may be performed for each pixel location in the
input video data 202. Taken as a whole, the pixel extractor
704, the adder 706, the absolute value circuit 708, and the
adder 710 generate a value indicating sum of absolute difter-
ences between the input video data 202 and the previous
video data 702. The generated value may be represented using
the number of bits used to represent the previous video data
(e.g., eight integer bits and three fractional bits).

The motion detector 700 may include a comparator 712
which may be configured to obtain the value generated by
adder 710. The comparator 712 may be coupled with a sum of
absolute different (SAD) look up table (LUT) 714. The SAD
LUT 714 may include a plurality of entries corresponding to
various sums of absolute differences. The SAD LUT 714 may
be stored in a memory coupled with the motion detector 700.
The comparator 712 may correct the value provided by the
adder 710 by selecting an entry from the SAD LUT 714 based
on a comparison of the value provided by the adder 710 to the
values in the SAD LUT 714. An example SAD LUT 714 is
shown in Table 1 below. The SAD LUT 714 in Table 1 is a six
entry look up table. However, it will be understood that more
or less entries may be used to normalize the SAD value.

TABLE 1
Input SAD Value Normalized SAD Value
0 0
10 1
30 2
65 3
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TABLE 1-continued

Input SAD Value Normalized SAD Value
145 4
212 5

Given the SAD LUT 714 as shown in Table 1, the com-
parator 712 would identify the row including the largest input
SAD value less than or equal to the value provided by the
adder 710. For example, if the value provided by the adder
710 is 54, the comparator 712 would output the value 2 would
be provided. As another example, if the input SAD value is
230, the output value of 5 would be provided. The result
generated by the comparator 712 may be referred to as a
normalized SAD value. As shown in FIG. 7, this value is
provided to an adder 716 for further processing that will be
described in further detail below.

The motion detector 700 also includes a maximum motion
value in generating a final motion estimation. The absolute
value circuit 708 may provide the absolute value for a pixel to
comparator 718. The comparator 718 may be coupled with a
storage element which stores a value indicating a current
maximum difference 720. The comparator 718 may compare
the provided absolute difference value with the stored current
maximum difference 720. If the provided absolute difference
value is greater than the current maximum difference 720, the
comparator 718 may store the provided absolute difference
value in the storage element. Accordingly, after each pixel in
the input video data 202 is processed, the value of current
maximum 720 will be the largest absolute value difference for
each pixel in the input video data 202.

After all pixels are processed for the input video data 202,
the current maximum value 720 may be provided to a com-
parator 722. The comparator 722 may also receive a maxi-
mum difference (MAX) look up table (LUT) 724. As with
comparator 712, comparator 722 may be configured to nor-
malize the identified maximum difference value. The MAX
LUT 724 may include a non-linear mapping from identified
maximum difference values to normalized maximum differ-
ence values. The value generated by the comparator 722 may
be provided to the adder 716. The MAX LUT 724 may
include 16 entries.

The adder 716 may also obtain a noise estimate 703 from
the noise estimator 800. The adder 716 may be configured to
combine the normalized sum of absolute differences with the
normalized maximum difference based on the noise estimate
703. Combination may allow the motion detector 700 to
expand the spatial coverage of the estimation without adding
extra line buffers to the processing. In an implementation
where the motion detector 700 operates on a 5x3 window,
such as that shown in FIG. 3, three line buffers are included to
support the detection. In some implementations, the line buff-
ers may be shared between the spatial noise reducer 204 and
the motion detector 700. In such implementations, the shared
resources may improve the power and processing resource
utilization for the device. The line buffers may be imple-
mented using one or more static RAMs.

Using the sum of absolute differences alone may miss
small motions between portions of the video data which may
result in over filtering. Using a maximum difference alone
may be too sensitive to noise which may also result in over
filtering. Thus, the motion detector 700 combines the two
values. The noise estimate 703 may be used to generate
thresholds for each of the sum of absolute differences and the
maximum difference. When the noise estimate 703 indicates
a higher amount of noise, the threshold for detecting motion
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may be increased accordingly to account for changes that
may be due to noise rather than motion. Similarly, the thresh-
old for detecting noise by maximum difference may be higher
(e.g., more conservative estimate) than the threshold for
detecting noise by sum of absolute differences.

The adder may be configured to generate the motion value
using a number of bits that can be used to represent number of
entries in the largest normalization table (e.g., 714, 724). For
example, if SAD LUT 714 includes six entries and MAX
LUT 724 includes 16 entries, the motion value 730 produced
by the adder 716 may be, at most, four bits. In some imple-
mentations, a further correction comparator (not shown) may
be included. The adder 716 may provide the combined
motion value to the correction comparator. Using another
look up table, the correction comparator may generate a non-
linear mapped corrected motion value. As the motion value
730 may be provided to the spatio-temporal blender 208 and
used to determine the relative strength of the spatial and
temporal noise reduction, the correction comparator may be
configured to generate a corrected motion value which favors
spatial noise reduction in the blending. This may be desirable
in some implementations as a way to reduce visual artifacts in
the output video data such as ghosting.

As described, the motion detector 700 operates on two
input video data, one of which as been noise reduced (e.g.,
previous video data 702) one of which has not (e.g., video
data 202). In some implementations, the motion detector 700
may be configured receive partially processed video data
from the spatial noise reducer 204, rather than input video
data 202 directly from the input.

As discussed above, the motion detector 700 may receive
the noise estimate 703 as an input to detection motion. The
noise estimate 703 may be generated by the noise estimator
800 included in the random noise reducer 200.

FIG. 8 illustrates a functional block diagram of an exem-
plary noise estimator. The noise estimator 800 may obtain the
input video data 202. The noise estimator 800 may provide
noise estimate to various elements of the random noise
reducer 200. The elements may use the noise information to
determine thresholds used during the respective filtering pro-
cesses. In one implementation, the noise estimator 800 may
be configured to estimate noise using a 3x3 filter kernel. The
images statistics for each kernel of the input video data 202
may be aggregated to produce a final estimate for the input
video data 202. In some implementations, the cumulative
statistics may be used to determine an edge adaptive threshold
which may be applied to the image details of a subsequent
portion of video data to exclude edge pixels during noise
strength determination. In some implementations, the noise
may be filtered across several portions of video data to allow
for smooth control of the filtering of the random noise reducer
200.

The noise estimator 800 may include an edge detector 804.
The edge detector 804 may be included to exclude edge
regions in the video. The edge detector 804 may be omitted in
some implementations. In such implementations, the noise
estimator 800 may aggressively estimate noise such as for
highly textured images where thin lines may be identified as
noise.

The edge detector 804 may be configured to identify edges
based on the luminance pixel values for a pixel of interest. In
some implementation, the color channel pixel values may be
used to identify the edges. The edge detector 804 may be
configured to first generate a histogram for all pixels of a
current portion of the video data. Equation (6) is one expres-
sion of the relationship that may be implemented in an edge
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detector 804 to generate a histogram G for pixel values for a
pixel location I(x, y) current portion of the video data.

G=IG,I+IG,| (6)

where
G, is a histogram generated by Equation (7) below, and
G, is a histogram generated by Equation (8) below.

-1 -2 -1
G,=Ix,y)+ 0 0 0
1 2 2

o

where

I(x, y) are the pixel values for location (x, y) in the
current portion of the video data.

-1 01
Gy=Ix,y=-2 0 2
-1 01

®

where

I(x, y) are the pixel values for location (x, y) in the
current portion of the video data.

The edge detector 804 may be configured to generate a
cumulative density function (CDF) from the generated histo-
gram. Once a CDF is obtained for the filter kernel for the
current portion of the video data, a second histogram G, is
generated based on the CDF and a threshold quantity of pixels
included in an edge. Equation (9) is one expression of the
relationship that may be implemented in an edge detector 804
to generate the second histogram G,,.

Solve for G,,, such that

CDK(Gp)>=p ©

where

p is a threshold edge detection pixel count.

The threshold edge detection pixel count is a value indi-
cating the quantity of pixels to be considered an edge. For
example, the threshold edge detection pixel count may rep-
resent a percentage of pixels in the portion of video data (e.g.,
10%) or a count of pixels in the portion of video data (e.g.,
35). In some implementations, the threshold edge detection
pixel count may be user specified. In some implementations,
the threshold edge detection pixel count may be determined
based on the video data or values stored in memory coupled
with the noise estimator 800.

Using the second histogram, the edge detector 804 may be
configured to generate a thresholded edge map for another
portion of the video data. The thresholded edge map provides
an indication of edges within the other portion of video data.
The thresholded edge map may be provided to a convolution
module 806.

The convolution module 806 may be configured to con-
volve each pixel in a portion of video data which was identi-
fied as a non-edge pixel. In some implementations, the con-
volution may be a Laplacian convolution. For example, the
current pixel value may be convolved with the difference of
two Laplacians (L.). Equation (10) illustrates an example
Laplacian (L).
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(10)
L=

The convolution module 806 may also be configured to main-
tain a count of pixels identified as non-edges (p.,,,..)- The
convolved pixel value and pixel count may be provided to a
statistical analyzer 808.

The statistical analyzer 808 may be configured to generate
the noise estimate 703 based on the values provided. One
example statistic that may be generated is an average (avg) for
the current portion of video data. The average for the current
portion may be generated based on a sum of the absolute
values for the convolved pixel values for all pixels in the
current portion of video data.

The noise estimate 703 (o) may be generated using an
expression similar to that shown in Equation (11).

avg

6Pcount

o=vVn/2 an

where
avg is the average convolved value for the current por-
tion, and
Prowne 18 the number of non-edge pixels identified in the
current portion.

Note, Equation (11) assumes the current portion of video
data include six pixels. Other portion sizes are contemplated
and may be processed in accordance with the techniques
described herein. For example, a 4x4 filter kernel may be
processed which would include sixteen pixels. Accordingly,
in such implementations, the denominator would include six-
teen rather than six.

In some implementations, the statistical analyzer 808 may
also be configured to generate a moving average filter. The
moving average filter may be included to provide a stable
value of noise strength. In such implementations, a filter
window size between six and eight pixels may be used to
provide the moving average noise estimate.

By providing the noise estimate 703 to the spatial noise
reducer, the strength and thresholds used in performing spa-
tial noise reduction may be based on the noise estimate. This
may provide a more dynamic spatial noise reduction which
considers the specific image data rather than static preconfig-
ured values. The strength of the noise reduction along with the
thresholds used to perform the noise reduction may be
dynamically determined.

Similarly, in providing the noise estimate 703 to the tem-
poral noise reducer, the strength of the temporal noise reduc-
tion may be adjusted based on the overall “noisiness” of the
image. Further, in providing the noise estimate 703 to the
motion detector, the thresholds for motion detection may be
dynamically determined such that for more noisy content, a
more conservative motion detection threshold is determined
and included in the motion detection process.

Returning to FIG. 2, the spatio-temporal blender 208 may
be configured to blend the results of the spatial noise reduc-
tion and the temporal noise reduction to generate an output
video data 214. The spatio-temporal blender 208 may also
generate the output based on the motion estimation value 703
provided by the motion detector 700. Equation (12) is one
expression of the relationship that may be implemented in a
spatio-temporal blender 208 to generate a blended filtered
pixel value Y(i, j, n).

Yij =Y, (Gfm) Y @fm)+ V(i m) (-1, (0.m) (12)
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where

Y (i, j, n) is the temporally filtered pixel value at a loca-
tion (i, j) for the current portion (n) of the video data,

Y.,(i,j, n) is the spatially filtered pixel value at a location
(1, j) for the current portion (n) of the video data, and

Y,.(, j, n) is the motion value from the motion detector
at a location (i, j) for the current portion (n) of the
video data.

As discussed above, the precision of the temporally filtered
pixel value may be represented using integer and fractional
portions. As with the temporal noise reducer 210, the preci-
sion of the blended noise reduced pixel value is dependent
upon the inputs to the spatio-temporal blender 208. Gener-
ally, the precision of output of the spatio-temporal blender
208 may be of the same precision as the most precise input.
For instance, in the above example, the temporally filtered
pixel value is represented using eleven bits (e.g., eight integer
bits and three fractional bits). Accordingly, the output of the
spatio-temporal blender 208 may be of the same precision as
the most precise input.

The output of the spatio-temporal blender 208 may be
provided to the data buffer 216. As described above, the data
buffer 216 may store the random noise reduced pixel values
for a first portion of the video data to be used for processing
another portion of video data. For example, motion estima-
tion may compare a current portion of the video data with
another portion from the data buffer 216.

The inputs and outputs for each element shown in FIG. 2
are summarized in Table 2 below. The number of bits for each
input/output is shown in brackets. The notation for identify-
ing the number ofbits indicates the number of integer bits and
the number of fractional bits. For example, a value of “8.2”
indicates eight integer bits and two fractional bits for a total of
ten bits. A larger number of bits may be used for temporal
noise reduction to prevent rounding effects and premature
saturation of the output.

TABLE 2
Element Input(s) [bits] Output(s) [bits]
Spatial Noise Input video data 202 [8.0] Spatially filtered video
Reducer 204 Noise Estimation [5.2] Data [8.0]
Temporal Noise  Input video data 202 [8.0] Temporally filtered
Reducer 210 Buffered video data [8.3] video data [8.3]

Noise estimation [5.2]

Spatio-temporal ~ Temporally filtered video data Blended filtered

Blender 208 [8.3] video data [8.3]
Spatially filtered video data
[8.3]
Motion value [4.0]

Data Buffer 216  Blended filtered video data Blended filtered

[8.3] video data [8.3]

FIG. 9 illustrates a functional block diagram of an exem-
plary feature adaptive random noise reducer. The feature
adaptive random noise reducer 900 is similar to the random
noise reducer shown in FIG. 2. The feature adaptive random
noise reducer 900 also includes a feature detector 902. The
feature detector 902 is configured to detect a feature of the
image and provide additional blending information to a fea-
ture adaptive blender 904. For example, skin color may be a
feature for which specific noise reduction blending may be
applied. The specific noise reduction blending may be prede-
termined or based on a characteristic (e.g., quantity, quality)
of the feature detected. The feature detector 902 receives the
input video data 202. The feature detector 902 provides an
output value to the feature adaptive blender 904. The output
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value may indicate the feature has been detected. The output
value may indicate one or more characteristic of the feature
detected.

While only one feature detector 902 is shown in FIG. 9, it
will be understood that multiple feature detectors may be
include to detect various features. In some implementations,
the feature detector 902 may be configured to detect multiple
features. For example, a list of features for detection may be
stored in a memory coupled to the feature adaptive random
noise reducer 900. The detection may include, for example, a
pixel value and/or range of values (e.g., chroma or luma
values). As another example, the detection may include pixel
value differences (e.g., spatial or temporal). Furthermore, the
feature detector 902 may be enabled or disabled based on the
input video data or a configuration value (e.g., user prefer-
ence).

The feature adaptive blender 904 obtains the output signal
from the feature detector 902. The feature adaptive blender
904 also obtained video data generated by the spatio-tempo-
ral blender 208. In some implementations, the feature adap-
tive blender 904 may be implemented as part of the spatio-
temporal blender 208. In such implementations, the spatio-
temporal blender 208 obtains the output from the feature
detector 902.

Based on the input video data 902, the spatio-temporal
blended video data, and the feature detection, the feature
adaptive blender generates the output video data 214. For
example, by comparing the input video data 202 with the
spatio-temporal blended video data, the feature adaptive
blender may be configured to filter portions of the spatio-
temporal blended video data identified as having the deter-
mined feature. In the skin tone example, the filtering may
adjust the hue of pixel values identified as skin to provide a
more “realistic” look to the output video data 214. The output
video data 214 is provided as described above in FIG. 2.

FIG. 10 illustrates a process flow diagram for a method of
reducing noise of a video stream. The process shown in FIG.
10 may be implemented in whole or in part by one or more of
the devices described herein, such as that shown in FIG. 2. At
node 1002 a noise value indicative of noise for a frame of the
video stream is determined. At node 1004, a motion value
indicative of motion between two frames of the video stream,
the motion value based at least in part on the noise value is
determined. Atnode 1006, at least one pixel value in the frame
as an edge is identified. At node 1008, the identified pixel
value is modified based at least in part on a blending factor
and the noise value. At node 1010, at least one pixel value in
the frame is modified based at least in part on a value for a
pixel in a prior frame and the noise value. At node 1012, a
composite pixel value is generated based at least in part on the
spatially modified pixel value, the temporally modified pixel
value, and the motion value.

FIG. 11 illustrates a functional block diagram for another
exemplary random noise reducer. Those skilled in the art will
appreciate that a random noise reducer may have more com-
ponents than the simplified random noise reducer 1100 illus-
trated in FIG. 11. The random noise reducer 1100 shown in
FIG. 11 includes only those components useful for describing
some prominent features of implementations with the scope
ofthe claims. The random noise reducer 1100 includes anoise
estimator 1102, a motion detector 1104, a spatial noise
reducer 1106, a temporal noise reducer 1108, and a noise
reduction blender 1110.

The noise estimator 1102 is configured to determine a
noise value indicative of noise for a frame of the video stream.
The noise estimator 1102 may include one or more of a
comparator, a receiver, an edge detector, a convolution mod-
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ule, a statistical analyzer, a memory, a processor, and an
arithmetic unit. In some implementations, the means for
determining a noise value includes the noise estimator 1102.

The motion detector 1104 is configured to determine a
motion value indicative of motion between two frames of the
video stream, the motion value based at least in part on the
noise value. The motion detector 1104 may include one or
more of a memory, a processor, a look up table, a line buffer,
and an arithmetic unit. In some implementations, the means
for determining a motion value include the motion detector
1104.

The spatial noise reducer 1106 is configured to identify at
least one pixel value in the frame as an edge and for modifying
the identified pixel value based at least in part on a blending
factor and the noise value. The spatial noise reducer 1106 may
include one or more of an edge adaptive low pass filter, a
feature adaptive filter, a memory, a comparator, and a proces-
sor. In some implementations, the means for identifying at
least one pixel value and for modifying the identified pixel
value may include the spatial noise reducer 1106.

The temporal noise reducer 1108 is configured to means
for modifying at least one pixel value in the frame based at
least in part on a value for a pixel ina prior frame and the noise
value. The temporal noise reducer 1108 may include one or
more of a temporal filter, an infinite impulse response filter, a
processor, a memory, a buffer, and an arithmetic unit. In some
implementations, the means for moditying at least one pixel
value in the frame based at least in part on a value for a pixel
in a prior frame and the noise value may include the temporal
noise reducer 1108.

The noise reduction blender 1110 is configured to means
for generating a composite pixel value based at least in part on
the spatially modified pixel value, the temporally modified
pixel value, and the motion value. The noise reduction
blender 1110 may include one or more of a processor, a
memory, a buffer, an image feature detector, and an arithmetic
unit. In some implementations, the means for generating a
composite pixel value include the noise reduction blender
1110.

As used herein, the terms “determine” or “determining”
encompass a wide variety of actions. For example, “determin-
ing” may include calculating, computing, processing, deriv-
ing, investigating, looking up (e.g., looking up in a table, a
database or another data structure), ascertaining and the like.
Also, “determining” may include receiving (e.g., receiving
information), accessing (e.g., accessing data in a memory)
and the like. Also, “determining” may include resolving,
selecting, choosing, establishing and the like.

Asused herein, the terms “provide” or “providing” encom-
pass a wide variety of actions. For example, “providing” may
include storing a value in a location for subsequent retrieval,
transmitting a value directly to the recipient, transmitting or
storing a reference to a value, and the like. “Providing” may
also include encoding, decoding, encrypting, decrypting,
validating, verifying, and the like.

As used herein, a phrase referring to “at least one of” a list
of items refers to any combination of those items, including
single members. As an example, “at least one of: a, b, or ¢’ is
intended to cover: a, b, ¢, a-b, a-c, b-c, and a-b-c.

The various operations of methods described above may be
performed by any suitable means capable of performing the
operations, such as various hardware and/or software com-
ponent(s), circuits, and/or module(s). Generally, any opera-
tions illustrated in the Figures may be performed by corre-
sponding functional means capable of performing the
operations.
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The various illustrative logical blocks, modules and cir-
cuits described in connection with the present disclosure may
be implemented or performed with a general purpose proces-
sor, a digital signal processor (DSP), an application specific
integrated circuit (ASIC), a field programmable gate array
signal (FPGA) or other programmable logic device (PLD),
discrete gate or transistor logic, discrete hardware compo-
nents or any combination thereof designed to perform the
functions described herein. A general purpose processor may
be a microprocessor, but in the alternative, the processor may
be any commercially available processor, controller, micro-
controller or state machine. A processor may also be imple-
mented as a combination of computing devices, e.g., a com-
bination of a DSP and a microprocessor, a plurality of
microprocessors, one or more mMicroprocessors in conjunc-
tion with a DSP core, or any other such configuration.

In one or more aspects, the functions described may be
implemented in hardware, software, firmware, or any combi-
nation thereof. If implemented in software, the functions may
be stored on or transmitted over as one or more instructions or
code on a computer-readable medium. Computer-readable
media includes both computer storage media and communi-
cation media including any medium that facilitates transfer of
a computer program from one place to another. A storage
media may be any available media that can be accessed by a
computer. By way of example, and not limitation, such com-
puter-readable media can comprise RAM, ROM, EEPROM,
CD-ROM or other optical disk storage, magnetic disk storage
or other magnetic storage devices, or any other medium that
can be used to carry or store desired program code in the form
of instructions or data structures and that can be accessed by
a computer. Also, any connection is properly termed a com-
puter-readable medium. For example, if the software is trans-
mitted from a website, server, or other remote source using a
coaxial cable, fiber optic cable, twisted pair, digital subscriber
line (DSL), or wireless technologies such as infrared, radio,
and microwave, then the coaxial cable, fiber optic cable,
twisted pair, DSL, or wireless technologies such as infrared,
radio, and microwave are included in the definition of
medium. Disk and disc, as used herein, includes compact disc
(CD), laser disc, optical disc, digital versatile disc (DVD),
floppy disk and blu-ray disc where disks usually reproduce
data magnetically, while discs reproduce data optically with
lasers. Thus, in some aspects computer readable medium may
comprise non-transitory computer readable medium (e.g.,
tangible media). In addition, in some aspects computer read-
able medium may comprise transitory computer readable
medium (e.g., a signal). Combinations of the above should
also be included within the scope of computer-readable
media.

The methods disclosed herein comprise one or more steps
or actions for achieving the described method. The method
steps and/or actions may be interchanged with one another
without departing from the scope of the claims. In other
words, unless a specific order of steps or actions is specified,
the order and/or use of specific steps and/or actions may be
modified without departing from the scope of the claims.

The functions described may be implemented in hardware,
software, firmware or any combination thereof. If imple-
mented in software, the functions may be stored as one or
more instructions on a computer-readable medium. A storage
media may be any available media that can be accessed by a
computer. By way of example, and not limitation, such com-
puter-readable media can comprise RAM, ROM, EEPROM,
CD-ROM or other optical disk storage, magnetic disk storage
or other magnetic storage devices, or any other medium that
can be used to carry or store desired program code in the form
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of instructions or data structures and that can be accessed by
a computer. Disk and disc, as used herein, include compact
disc (CD), laser disc, optical disc, digital versatile disc
(DVD), floppy disk, and Blu-ray® disc where disks usually
reproduce data magnetically, while discs reproduce data opti-
cally with lasers.

Thus, certain aspects may comprise a computer program
product for performing the operations presented herein. For
example, such a computer program product may comprise a
computer readable medium having instructions stored (and/
or encoded) thereon, the instructions being executable by one
or more processors to perform the operations described
herein. For certain aspects, the computer program product
may include packaging material.

Software or instructions may also be transmitted over a
transmission medium. For example, if the software is trans-
mitted from a website, server, or other remote source using a
coaxial cable, fiber optic cable, twisted pair, digital subscriber
line (DSL), or wireless technologies such as infrared, radio,
and microwave, then the coaxial cable, fiber optic cable,
twisted pair, DSL, or wireless technologies such as infrared,
radio, and microwave are included in the definition of trans-
mission medium.

Further, it should be appreciated that modules and/or other
appropriate means for performing the methods and tech-
niques described herein can be downloaded and/or otherwise
obtained by an encoding device and/or decoding device as
applicable. For example, such a device can be coupled to a
server to facilitate the transfer of means for performing the
methods described herein. Alternatively, various methods
described herein can be provided via storage means (e.g.,
RAM, ROM, a physical storage medium such as a compact
disc (CD) or floppy disk, etc.), such that a user terminal and/or
base station can obtain the various methods upon coupling or
providing the storage means to the device. Moreover, any
other suitable technique for providing the methods and tech-
niques described herein to a device can be utilized.

It is to be understood that the claims are not limited to the
precise configuration and components illustrated above. Vari-
ous modifications, changes and variations may be made in the
arrangement, operation and details of the methods and appa-
ratus described above without departing from the scope of the
claims.

While the foregoing is directed to aspects of the present
disclosure, other and further aspects of the disclosure may be
devised without departing from the basic scope thereof, and
the scope thereof is determined by the claims that follow.

What is claimed is:

1. A device for reducing noise of a digital video stream
comprising:

a noise estimator configured to determine a noise value

indicative of noise for a frame of a video stream;

a motion detector configured to generate a motion value
indicative of motion between two frames of the video
stream, wherein the motion detector generates the
motion value using the noise value;

a spatial noise reducer configured to identify at least one
pixel value in the frame as an edge and modify the
identified pixel value based at least in part on a blending
factor and the noise value;

atemporal noise reducer configured to modify at least one
pixel value in the frame based at least in part on a value
for a pixel in a prior frame and the noise value; and

a blender configured to generate a composite pixel value
based at least in part on the spatially modified pixel
value, the temporally modified pixel value, and the
motion value,
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wherein the pixel value generated by the temporal noise
reducer includes a number of bits which is larger than a
number of bits for the pixel before temporal noise reduc-
tion.

2. The device of claim 1, wherein determining the noise

value comprises:

identifying edge pixels included in a portion of the frame of
the video stream based on pixel values for each pixel in
the portion of the video frame;

convoluting pixels included in the portion of the frame of
video identified as non-edge pixels; and

generating the noise value based on the convolved pixel
values.

3. The device of claim 2, wherein convoluting pixels com-

prises Laplacian convolution.

4. The device of claim 2, wherein generating the noise
value is based on an average convolved value for the current
portion and a number of non-edge pixels identified in the
portion of the frame.

5. The device of claim 1, wherein determining the motion
value comprises:

generating a sum of absolute differences between two
frames of the video stream, the two frames comprising a
current frame of the video stream and the prior frame of
the video stream;

generating a maximum sum of absolute differences for the
video stream; and

determining the motion value for the current frame based
on the sum of absolute differences between the two
frames and the maximum sum of absolute differences
for the video stream.

6. The device of claim 5, wherein determining the current
frame of the video stream is not yet noise reduced and the
prior frame of the video stream is noise reduced.

7. The device of claim 1, wherein the generated pixel value
includes eleven bits, wherein eight of the eleven bits indicate
an integer portion of the pixel value and three of the eleven
bits indicate a fractional portion of the pixel value.

8. The device of claim 1, further comprising:

a feature detector configured to identify a feature included

in the video stream;

a feature blender configured to generate another composite
pixel value based at least in part on the identified feature
and the composite pixel value.

9. The device of claim 8, wherein the feature includes skin

tone pixels.

10. A method for reducing noise of a digital video stream
comprising:

determining a noise value indicative of noise for a frame of
a video stream;

generating, using the noise value, a motion value indicative
of motion between two frames of the video stream;

identifying at least one pixel value in the frame as an edge;

modifying the identified pixel value based at least in part on
a blending factor and the noise value to generate a spa-
tially modified pixel value;

modifying at least one pixel value in the frame based at
least in part on a value for a pixel in a prior frame and the
noise value to generate a temporally modified pixel
value, wherein the temporally modified pixel value
includes a number of bits which is larger than a number
of bits for the pixel before modification; and

generating a composite pixel value based at least in part on
the spatially modified pixel value, the temporally modi-
fied pixel value, and the motion value.

11. The method of claim 10, wherein determining the noise

value comprises:
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identifying edge pixels included in a portion of the frame of
the video stream data based on pixel values for each
pixel in the portion of the video frame;

convoluting pixels included in the portion of the frame of

video identified as non-edge pixels; and

generating the noise value based on the convolved pixel

values.

12. The method of claim 11, wherein convoluting pixels
comprises Laplacian convolution.

13. The method of claim 11, wherein generating the noise
value is based on an average convolved value for the current
portion and a number of non-edge pixels identified in the
portion of the frame.

14. The method of claim 10, wherein determining the
motion value comprises:

generating a sum of absolute differences between two

frames of'the video stream, the two frames comprising a
current frame of the video stream and the prior frame of
the video stream;

generating a maximum sum of absolute differences for the

video stream; and

determining the motion value for the current frame based

on the sum of absolute differences between the two
frames and the maximum sum of absolute differences
for the video stream.

15. The method of claim 14, wherein determining the cur-
rent frame of the video stream is not yet noise reduced and the
prior frame of the video stream is noise reduced.

16. The method of claim 10, wherein the temporally modi-
fied pixel value includes eleven bits, wherein eight of the
eleven bits indicate an integer portion of the temporally modi-
fied pixel value and three of the eleven bits indicate a frac-
tional portion of the temporally modified pixel value.

17. The method of claim 10, further comprising:

identifying a feature included in the video stream;

generating another composite pixel value based at least in
part on the identified feature and the composite pixel
value.
18. The method of claim 17, wherein the feature includes
skin tone pixels.
19. A device for reducing noise of a digital video stream
comprising:
means for determining a noise value indicative of noise for
a frame of a video stream;

means for generating, using the noise value, a motion value
indicative of motion between two frames of the video
stream;

means for identifying at least one pixel value in the frame

as an edge and for modifying the identified pixel value
based at least in part on a blending factor and the noise
value to generate a spatially modified pixel value;
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means for modifying at least one pixel value in the frame
based at least in part on a value for a pixel in a prior frame
and the noise value to generate a temporally modified
pixel value, wherein the temporally modified pixel value
includes a number of bits which is larger than a number
of bits for the pixel before modification; and

means for generating a composite pixel value based at least

in part on the spatially modified pixel value, the tempo-
rally modified pixel value, and the motion value.

20. A non-transitory computer-readable storage medium
comprising instructions executable by a processor of an appa-
ratus for reducing noise in a digital video stream, the instruc-
tions causing the apparatus to:

determine a noise value indicative of noise for a frame of a

video stream,;
generate, using the noise value, a motion value indicative
of motion between two frames of the video stream;

identify at least one pixel value in the frame as an edge and
modify the identified pixel value based at least in part on
a blending factor and the noise value to generate a spa-
tially modified pixel value;

modify at least one pixel value in the frame based at least in

part on a value for a pixel in a prior frame and the noise
value to generate a temporally modified pixel value,
wherein the temporally modified pixel value includes a
number of bits which is larger than a number of bits for
the pixel before modification; and

generate a composite pixel value based at least in part on

the spatially modified pixel value, the temporally modi-
fied pixel value, and the motion value.

21. A device for reducing noise of a digital video stream
comprising:

a processor configured to:

determine a noise value indicative of noise for a frame of
a video stream;

generate, using the noise value, a motion value indica-
tive of motion between two frames of the video
stream;

identify at least one pixel value in the frame as an edge
and modify the identified pixel value based at least in
part on a blending factor and the noise value to gen-
erate a spatially modified pixel value;

modify atleast one pixel value in the frame based at least
in part on a value for a pixel in a prior frame and the
noise value to generate a temporally modified pixel
value, wherein the temporally modified pixel value
includes a number of bits which is larger than a num-
ber of bits for the pixel before modification; and

generate a composite pixel value based at least in part on
the spatially modified pixel value, the temporally
modified pixel value, and the motion value.
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